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Please input your custom metrics function here.

Note that the entry function name must be consistent
with the defined function name.

import functools

import tensorflow as tf

from tensorflow. python. keras. losses import LossFunctionWrapper

def scaled mean square error(y true, y pred, mean=0., std=l.):

y pred = (tf.convert to tensor(y pred) — mean) / std
y _true = (tf.cast(y true, y pred.dtype) — mean) / std

return tf.keras.metrics. mean squared error(y true, y pred)

class my loss 1 (LossFunctionWrapper) :
def init (self, mean=0., std=Il.,
name= scaled mean square error’ ):
super (my loss 1,
self). init (functools.partial (scaled mean square error,

mean=mean, std=std), name=name)
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Please input your custom metrics function here.

Note that the entry function name must be consistent
with the defined function name.

import functools

import tensorflow as tf

from tensorflow. python. keras. metrics import MeanMetricWrapper

def mean scaled relative error(y true, y pred, epsilon=1.):

tf. convert to tensor (y pred)

y_pred

y _true = tf.cast(y true, y pred.dtype)
return tf.keras. backend. mean (tf. abs(y pred — y true) /

(tf.abs(y true) + epsilon), axis=-1)

class my metrics 1(MeanMetricWrapper) :
def init (self, epsilon=0.1,
name= mean scaled relative error’, dtype=None):
super (my metrics 1,
self). init (functools.partial (mean scaled relative error,

epsilon=epsilon), name, dtype=dtype)
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tRUs: 6 TR 2nodet
#iEHZ: /wz_alone54/appform_data/spooler/jhadmin/w57949qge-9t59-4w9w-8wqr-3t65q973533r-jhad...
BEERER
AR jhadmin_solution_iris AR HEEFES

{#47UE:  /wz_alone54/appform_data/spooler/jhadmin/w57949qe-9t59-4w9w-8wqr-3t65q973533r-jhad...

KSR
2 GPU%:: O
iRAzHdE):  2023-03-09 11:41:03 HiTHdE):  2023-03-09 11:41:03 Z55Rd(E): 2023-03-09 11:41:10

i 7

« n > 20 v FET 1-3% 33 KRHE

ZSEPI H S 2 LR o 5 RSB PIRES AT 58, 2 BoRiz )i #
==

I o

AP Y
Jjhadmin
Jjhadmin

Jjhadmin

FIAT ARG AT

b3
[
El

SIS ZHRE SEhIEE

2023-03-09 1
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2.3.2. EHRAFRHIE

2.3.2.1. NF Jupyter iR%

7 “Web IDE” 2RM () TF R I G S E 1) “ Jupyter” = Fr4%4H, Vil Jupyter
WRj%5, BATRER HI#RAETT A 2 B
> HEEBT.
> DRSAE I 7 g T RE T .

(—) HIEsTiErr
il AR “IEAT7 1R, BATRERE, W ER:

Kemel Tabs Settings Help E#9

- Edit  View
2] z
- Bt C [ Launcher X | A mnist_tf2.ipynb x |+ %
[y ajfo**00bjac»co - B 8 it 3
= &
] / example / jupyter / [8]: import temsorflow as tf B e TN
from tensorflow.keras import layers, Sequential, optimizers, losses, metrics, datasets
Last Modified import os
> months 590 inport numpy as np
o import 1ibaiflow
20 hours ago
2 months ago #os. environ["CUDA_VISTBLE DEVICES
D Readme.tt. 2 months ago # ApeE
def preprocess(x, y):
X = t.cast(x, tF.Float32) / 255.0 # HnISTHERIHo, 1]
Expand dims(x, axis=-1) # & FH#FFLE HNone, 28, 28, 1], Hifaxis=3§ /&8 4
~one_hot(y, depth-10)
Xy
def load_data()
*. /data/mnist.npz"
e laad(pnth) as £
print(x.shape, y.chape, x.min(), x.max()) # BFNELFHEENEREE, FFEH
(co000, 25, 28) (50000,) 0 255
train_db = tF.data.Dataset.from_tensor_slices((x, y))
train_db = train_db.shuffle(100@) .map(preprocess) .batch(256)
test_db - tf.data.Dataset from_tensor_slices((x_test, y_test))
test_db = test_db.nap(preprocess).batch(256)
# OEREEDHREEY
network = Sequential([

layers. Conu2D(6, kernel _size=5, strides=1, padding='SAME', activation='relu'),

Simple o B 1 @ % nitialized (additional servers needed)  tensorflow2.5-py37 | Idle Mode:Command @ Ln1,Col 1 mnist_ti2ipynb

(=) PURAARNL Ry s T e FF
W “ipynb” MARNGREF R, mdi “FEsCfRdk” $2l, s “FEscfk

W B E, N E s
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TEAR: eI ITEER, AR TEFRHR.

BB PAT B A AL, BHIEELHEARPEITRT. Faaik,
SAE “IRAIVEAL TP X7 B I N AT H s, K AR H sxerb 580 2 )
EHPE, HATBITREFERE.

BATAS: DIEDL FREBITEPHIAND RTS8, . trainp
y —data—path=/data ——batch=b4.

Tensorboard: i%E#E/EA fRVFViM tensorboard fk%s. #jash, ENLER T
I, fid “VUil Tensorboard” #44H, BIn[EFEBALYIZRIE L.

FEH: EHFEEHLIGE, Dok, BRUCAH PSR, HTHEER
4. RE

BT AR ERENET, WRFR:

o il BUAEFREML, AN A BB AT IR
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o PRy — TensorBoat ME SERIES ~ SCALA GRAPI INACTIVE G cax o &
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months ago
« [ mist_tR2ip. 14 hours ago . A i o
» - - Run @ X Ppinned Settings X
W pytorch.ipy... 2 months ago
D Readmedtdt... 2months sgo logs/train ™Y Pin cards for a quick view and comparison GENERAL
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ra—
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epoch accuracy B e oo |
o
‘ |
09 £
‘ SCALARS
0ses Smoothing
—— [ |
Tooltip sorting method
- e
Ignore outliers in chart scaling
2+ 6 s
O Partition non-monotonic X axis
epoch loss ~ HISTOGRAMS
. T Moda e
Simple (00 o 1 @ tensorboard-2

1Jj 7] Tensorboard AR %57~ & K

s se Bl B “Sei B bR, BESLIREEE, W B RS

Z Fle Edit View Run Kemel Tabs Settings Help FEO/EW

> rpwea. - oo T
Filter files by na Q . .
o Experiments mnist_tf2 {l &
 / example / jupyter /
— Name - Last Modified Experiment ID: 1
T modete 2 months ago I e 2@~
.- [ mnist ti2ip... 12 minutes ago = » Description  Edit
[ pytorchipy.. 2 manths ago.
D Resdme.tt... 2months ago pRefresh Compare Download CSVk | W Start Time /| Al time
T s OOV Ty @ Q tags.mifiows0B 1D Search | = Filt a
olumns ags."mifiow. eard = Fiter e
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Showing 1 matching run
a Job ID 1 Start Time Duration Run Name User Source
a - 10 minutes ago . husert o
‘ b I
.
e =
Smpe () o @1 @ fElotEe s

AR AR E A
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M7 “Web IDE” 85 () FF KM EE S5 ¥ “VSCode” = 4], Vjin] VSCode
WR%, BATREFP IERIETT U 2 Fhe
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(—) HIsTiErr

TrATiERP A, mdil B “iafr” %4l iy, W FEps:

EXPLORER we % mnistf2_cpupy X
v home > users > DEV > jhuser1 > iflow > @ mnist_t
@ / ponnoas 1 import tensorflow as tf
~ example 2 fron tensorflou.keras import layers, Sequential, optimizers, losses, metrics, datasets
> dataset 3 import os
> jupyter 4 import numpy as np
~ libaifow 5 import libaiflow
> ipynb_checkpoints e
S s 7 #o0s.environ["CUDA_VISIBLE_DEVICES"]
8 # FRAMBRM
> logs 9 def preprocess(x, y)

> miruns 18 x = tf.cast(x, tf.float32) / 255.6 # JFHNISTHIRENGIR| (e, 1]

> model 1 x = tf.expand_dims(x, axis=-1) # BTEIELEEM None, 28, 28, 1], Hiifads=37 B4
.error 12 y = tf.one_hot(y, depth-1e)
13 return X, y

# mnist mxnet_cpu.py
# mnist paddle_cpu.py
® mnist pytorch cpupy
% mnist 1f2_cpupy

14
15 & EHIR
PROBLEMS  OUTPUT

el O

ython - libaiflow +~ [0 @ -~ X

outputsxt 2023-03-22 17:30:33.08847" tensorflow/core/framework/cpu_allocator_impl.cc:80] Allocation of 26577600 exceeds 10% of free system memory.
P 2023-03-22 17:39; tensurflmv/cure/Frame\wrk/cpu allucatur _impl.cc:80] Allocation of 26577600 exceeds 1% of free system memory.
(& retimett 1/600 [. - ETA: 9:07 - 2.3055 - accuracy: ©.87@GHARNING:tensorflow: Trace already enabled
> mxnet 2023-03-22 17 Sensorflou/core /profilen/1ib/ profiler_session.cci126] profiler session inttislizing.

tensorflow/core/profiler/1ib/profiler_session.cc:141] Profiler session started.

o
> paddie 2023-63-22 17:
: tensorflow/core/profiler/lib/profiler_session.cc:66] Profiler session collecting data.

 CIEED 2623-63-22 17 tensorflow/core/profiler/lib/profiler_session.cc:159] Profiler session tear doun.
» ey 2623-83-22 17 tensorflow/core/profiler/rpe/client/save_profile., 37] Creating directory: ./logs/train/plugins/profile/2623 @3 22 17 39 33
& Readme.doc 2023-63-22 17:30: tensorflow/core/profiler/rpc/client/save_profile.cc:143] Dunped gzipped tool data for trace.json.gz to ./logs/train/plugins/profile/2023_63 22
5 Frmmees o 173 BB/ESbSSFbaaBE tracs jsnn.gz
2023-63-22 17:30:33.1 tensorlow/core/profilen/rpc/client/save_profile.cc:137] Creating directory: ./logs/train/plugins/profile/2023 63 22 17 30 33
Y iz ® 2e23-e3-22 17:30:33. 385627 tensorflow/core/profiler/rpc/client/save_profile.cc:143] Dumped gzipped tool data for memory_profile.json.gz to ./logs/train/plugins/profile/2e
> miruns 2303 22 17 39 SS/ESbSSFBEEBB memory_profile.json.gz
» e 2023-63-22 17:30:33. : T tensorflow/core/profiler/rpe/client/ capture_profile.cc:251] Creating directory: ./logs/train/plugins/profile/2023 63 22 17_30_33Dunped tool dat
3 perls & for xplane.pb to ./logs/train/plugins/profile/2e23 03 22 17_39_33/asb8sfoaaed xplane .pb
Dumped tool data for overview page.pb to ./logs/train/plugins/profile/2823 63 22 17_30_33/asb85fbaadl3.overview_page.pb
> Pictures Dumped tool data for input_pipeline.pb to ./logs/train/plugins/profile/2623 63 22_17_39_33/asbg5fbaa013.input_pipeline.pb
> Public Dumped tool data for tensorflow_stats.pb to ./logs/train/plugins/profile/2623 83_22_17_39_33/asbssfbaadl3. tensorflou_stats.ph
) outime Dumped tool data for kernel_stats.pb to ./logs/train/plugins/profile/2623 63 22 17 30 33/ash85fbaa0l3.kernel_stats.pb

> TIMELINE 16/600 [ .. - ETA: 325 - loss: 1.5916 - accuracy: 0.4175]

In1,Col1 Spaces4 UTF-8 CRLF Python . 373 Ctensorflow?’ conda) Layout: US

(=) DIREZEN R iz AT 7
Explorer HIEH SCAFBLE T SCHF, BT A g 5,

EXPLORER we % mnistf2_cpupy X

~7 home > users > DEV > jhuser1 >
7 powoads 1 import tensorflow as tf

iflow > @ mnist_t

~ example

2 from tensorflow.keras import layers, Sequential, optimizers, losses, me
> dataset 3 import os Go to Definition
> jupyter 4 import numpy as np Go to References
w [Facfa 5 import libaiflow .
> ipynb_checkpoints e .
e 7  #os.enviren["CUDA_VISIBLE_DEVICES"] it Al et
% ind All References
8 # FRAMBRM
> logs 9 def preprocess(x, y): S
> miruns 18 x = tf.cast(x, tf.float32) / 255.6 # JFHNISTHIRENGIR| (e, 1] "
> model 11 x = tf.expand_dims(x, axis=-1) # BTEREHEE N None, 28, 28, 1], i  Change All Occurrences
error 12 ¥ = tf.one_hot(y, deptheio) Format Document
13 return x,
# mnist_mxnet_cpu.py " ¥ Format Document With,
# mnist_ padd "
e mms"p; :(P" =& 15 # EHIE Refactor.
mnist_pytorch_cpupy A R
16 def load_data(): Source Action.
% mnist_tf2_cpupy 17 path ./data/mnist.npz
output 6t 18 with np.load(path) as f: cut
© readmett 19 x_train, y_train = £['x_train'], f['y_train']
S munet 20 x_test, y_test = f['x_test'], f['y_test'] Copy
> paddie 21 return (x_train, y_train), (x_test, y_test) Paste
> b 22 (x, ), (x_test, y_test) = load_data()
pytord 23 Run Current File in Interactive Window
> tensorfiow 26 print(x.shape, y.shape, x.nin(), x.nax()) & HTMEHROMBIEEES, 00 com Line in intersctve Window
@ Readme.doc 25
> jhspoolers [ 26 train_db - tf.data.Dataset.from_tensor_slices((x, y¥)) Run Selection/Line in Interactive Window
> jhupload . 27 train_db = train_db.shuffle(106@).map(preprocess).batch(168) Run To Line in Interactive Window
> miruns i
3 e 20 test_db - tf.data.Dataset.from_tensor_slices((x_test, y_test)) Run Python File in Terminal
5 oeiE 38 test_db - test_db.map(preprocess).batch(168) Run Selection/Line in Bython Termina|
31
> Pictures. 144 Jbaz” 9
32 ¢ QR Sortimports
> Public 33 network = Sequential([
S ourime 34 layers.Convan(s, kernel_size=s, strides-1, padding="SAME', activati i oo
35 layer‘s MaxPouhngZD(poul size
> TIMELINE

kN E PR

>~ smrEr 0

cul+F12

Shift+F12

Shift+Alt+F12

2
ctri+f2
Shift+Alt+F

Ctrl+shift+R

shift+Enter

Shift+Enter

Ctrl+shift+P

$ (tensorflow?: conda)

layout Us 3

gy “HRAARNL” I, HH “PRASMENL” E, N E s



% mnist_tf2_cpu.p Bk X satew @ -

*IHE  default ¥ =

> miruns T#ES  /homelusersiDEV/husert/example/libaifiow

BRI RUBITER

VRNV A AL

WH: fREHH, BRINA: default.

YEdb4z . $REMEIA.

BB Dk, SWHEEFIBITHRNERL, FERESTEFRFESE
HIER AR .

TEEZR: e IRERS, BN ITREFRR H %K.

BB PAT B BiAA AL, HEETLRARPEITRY. Fabik,
SAE R -TEVEHE X e m I ST B 3%, 3 DR H Strb 9 8dE = )
EHE, #TBITERRE.

BT DI, fREBITEFIANDXHAEF S, #li: train.p
y —data-path=/data —batch=54,

Tensorboard: EFE/E 7 SVl tensorboard k5. A 5), 1EMLIEE I
[f, s “Vil Tensorboard” 4, RIAJ 2 H BRI MM

FEH: EHOITEERDE, Soaiam, BRUCAH S ER, HTHE%
G RE

BITHR: EBHENIET R, W
Bpl: BOAEFERAL, AT BB AT IR .

PS 3#4T: #2752 LL Parameter Server J7 LML I IIZARAY, SCHRES Y
Mo WEEITHRSE, TR

7



B

> ParamServer ¥(: T8 €S EURSHIH E .
> Worker #: 4RE RS EE.
> SRR 4y 4R A ParanServer Al Worker 4 FH ) BE U .
® Horovod 34T: $252Lh Horovod SEHLII 4T AT YIZAE )y, 2SR E
Horovod #5%Z%. Horovod JATHLE 5 EAR AL I ZRAUAS LL Horovod
PERI AT T AT SRS, 40 P
> IATEBIR: fRE AT IR R
> SERIRIME: TRE R IHT AU R B
WIRRE: HEMFIBTFENPINEALE,

PENVIRAZ 5, 2 EHAETIT “JAIMENL” T, 5 P e A 1R A AR A
fEE, WHER:

% mnist_tf2_cpu.py BEMEL ¥ watew @ -
¢
- .
oS [ETES NS " RiFAE noIE O S sk HERR  ammk
i . e
tEa mnist_tf s E3 vscode..  normal 1 2*noded 2 03-22 17:50:0¢
> ouTliNE (1] 087 - © LD, fES: 4

> TIMELINE

sarfEAL sG] B “ahs 7 B, BRI HERshAm L, W
BB -



EXPLORER SAUE ARlLABSRESHIt X sl [@ -
o Y s ] - ETA: 245 - loss: 00652 - accuracy: 0.98140000000000000000000000000000000000000000000000000000000000000000000000000000000000000 -
1- ETA: 245 - loss: 0.0654 - accuracy: 0.98120000000000000000000000000000000000000000000000000000000000000000000000000000000000008
 example 1- ETA: 24 - loss: 0.0647 - aceurcy: 0.98130000000000000000000000000000000000000000000000000000000000000000000000000000000000000
> dataset ] - ETA: 235 - loss: 0.0642 - accuracy: 0.98130000000000000000000000000000000000000000000000000000000000000000000000000000000000000
> jupyter 1- ETA: 235 - loss: 00634 - accuracy: 0.98150000000000000000000000000000000000000000000000000000000000000000000000000000000000000
< i 1- ETA: 235 - loss: 0.0628 - accuracy: 0.98170000000000000000000000000000000000000000000000000000000000000000000000000000000000000
- 1~ ETA: 235 - loss: 0.0624 - accuracy: 0.88190000000000000000000000000000000000000000000000000000000000000000000000000000000000000
7 Apinb checkpoints 1- ETA: 235 - loss: 0.0625 - accuracy: 0.98170000000000000000000000000000000000000000000000000000000000000000000000000000000000000
= 1- ETA: 235 - loss: 0.0623 - accurecy: 0.98170000000000000000000000000000000000000000000000000000000000000000000000000000000000000
> logs 1- ETA: 235 - loss: 00619 - accuracy: 0.98120000000000000000000000000000000900000900000000000000000000090000000000000000000000000
> miruns - ETA: 235 - loss: 0.0616 - accuracy: 0.98190000000000000000000000000000000000000000000000000000000000000000000000000000000000000
> model

] - ETA: 235 - loss: 0.0619 - accuracy: 0.98210000000000000000000000000000000000000000000000000000000000000000000000000000000000000

ETA: 235 - loss: 0.0617 - accuracy: 0.98220000000000000000000000000000000000000000000000000000000000000000000000000000000000000
] - ETA: 225 - loss: 0.0614 - accuracy: 0.98230000000000000000000000000000000000000000000000000000000000000000000000000000000000000
] - ETA: 225 - loss: 0.0619 - accuracy: 0.98240000000000000000000000000000000000000000000000000000000000000000000000000000000000000
] - ETA: 225 - loss: 0.0612 - accuracy: 0.98260000000000000000000000000000000000000000000000000000000000000000000000000000000000000
] - ETA: 225 - loss: 0.0612 - accuracy: 0.98260000000000000000000000000000000000000000000000000000000000000000000000000000000000000
] - ETA: 235 - loss: 0.0617 - accuracy: 0.98240000000000000000000000000000000000000000000000000000000000000000000000000000000000000

serror

# mnist mxnet_cpu.py
# mnist paddle_cpu.py
® mnist pytorch cpupy
% mnist 1f2_cpupy

] - ETA: 225 - loss: 0,0621 - accuracy: 0.98250000000000000000000000000000000000000000000000000000000000000000000000000000000000000
CHPIETT ] « ETA: 225 - loss: 0.0618 - accuracy: 0.96250000000000000000000000000000000000000000000000000000000000000000000000000000000000000
© readmetxt 1~ ETA: 225 - loss: 0,0612 - accuracy: 0.98260000000000000000000000000000000000000000000000000000000000000000000000000000000000000
» mrme: 1~ ETA: 215 - loss: 0.0609 - accuracy: 0.98260000000000000000000000000000000000000000000000000000000000000000000000000000000000000
> padde 1~ ETA: 215 - loss: 0.0615 - accuracy: 0.98250000000000000000000000000000000000000000000000000000000000000000000000000000000000000
1~ ETA: 215 - loss: 0.0609 - accuracy: 0.98270000000000000000000000000000000000000000000000000000000000000000000000000000000000000
» [ 1~ ETA: 215 - loss: 0.0605 - accuracy: 0.98280000000000000000000000000000000000000000000000000000000000000000000000000000000000000
> tensorfiow - ETA: 21s - loss: 0.0606 - accuracy: 0.98280000000000000000000000000000000000000000000000000000000000000000000000000000000000000
& Readme.doc 1~ ETA: 215 - loss: 0.0610 - accuracy: 0.98270000000000000000000000000000000000000000000000000000000000000000000000000000000000000
5 fismes o - ETA: 215 - loss: 00611 - accuracy: 0.98280000000000000000000000000000000000000000000000000000000000000000000000000000000000000
1~ ETA: 21 - loss: 0.0605 - securacy: 0.98300000000000000000000000000000000000000000000000000000000000000000000000000000000000000
D i35z v ]~ ETA: 215 - loss: 0.0604 - accuracy: 0.98290000000000000000000000000000000000000000000000000000000000000000000000000000000000000
> miruns 1~ ETA: 21 - loss: 0.0606 - securacy: 0.98280000000000000000000000000000000000000000000000000000000000000000000000000000000000000
> Music 1 - ETA: 215 - loss: 0,0601 - accuracy: 0.98300000000000000000000000000000000000000000000000000000000000000000000000000000000000000
> perls 1 - ETA: 205 - loss: 0.0597 - accuracy: 0.98300000000000000000000000000000000000000000000000000000000000000000000000000000000000000
5 Fres 1 - ETA: 205 - loss: 0,0596 - accuracy: 0.98300000000000000000000000000000000000000000000000000000000000000000000000000000000000000
1 - ETA: 205 - loss: 0.0598 - accuracy: 0.98300000000000000000000000000000000000000000000000000000000000000000000000000000000000000
> Public 1 - ETA: 205 - loss: 0.0594 - accuracy: 0.983100000000000000000000000A00IN00N0NN000N0000000nn0ao0aa
> OUTLINE =
> TIMELINE

Llayout US (3

s e 2] ) “Tensorboard” E#n{%4, 1in Tensorboard IR &E
B R, N EFR:

EXPLORER e AEWAER X s @ -
~/
@ Lo TensorBoard ~ TIMESERIES  SCALARS NATVE - 4} C B @
> dataset
> jupyter Q Filter runs (regex) Q Filter tags (regex) Al Scalars  Image  Histogram £ Settings
~ libaiflow - —
> ipynb_checkpoints Run ® X Ppinned Settings X
> data
> logs logs/train ° Pin cards for a quick view and comparison GENERAL
2 i Horizontal Axis
> model logs/validation [ ) epoch_accuracy .
sep a
% mnistmxet_cpu.py Card Width
% mnist_paddle_cpu.py epoch_accuracy S T
% minist_pytorch_cpu.py o
& mnist_t2_cpu.py ‘
output it 0385 t SCALARS
© readme it
> munet ‘ Smoothing
> paddie oot | —
> pytorch |
> tensorflow | fedtpsortngmethed
@ Readme.doc e [ Arphabetica -
> jhspoclers B
> jhupload [ ! Ignore outliers in chart scaling
> mlruns ° ! : N N B ° ’ ¢ ° [ Partition non-monotonic X axis
> Music
> perls
> Pictures epoch_loss ~ HISTOGRAMS
> Public Mode
> OUTLINE vl v
> TIMELINE

Layout: US (%

s EALSEG B “seie i T EbsgA, BE SER R, N E s



EXPLORER % mnist_tf2_cpu.py R fRLSISIEIE X seoew @ -

v
1] ’ :;Wm;:” Experiments mnist_tf2 (]
> dataset
> jupyter
~ libaiflow mnist_tf2 2m”
> ipynb_checkpoints » Description Edit

> data
£y Refresh Download CSV& ¥ Start Time

Experiment D: 1

All time

> logs
> miruns
> model
= Only show
¢ @ Q tagsmiflow. OBl

error
BColumns
differences

Search = Filter

# mnist mxnet_cpu.py
# mnist paddle_cpu.py
® mnist pytorch cpupy
% mnist 1f2_cpupy
outputsxt
O b 1 Start Time

© readme.tit
e 4 10 minutes ago. - jhusert ) minist_tf2,

Showing 1 matching run

Duraion  Run Name User Source Version Models

> munet
> paddle

> pytorch

> tensorfiow o’ L]
@ Readme.doc
> jhspoolers

> jhupload

> miruns

> Music

> perls

> Pictures
> Public >

> OUTLINE
Layout: US

> TIMELINE

BR SERBE R E R

2.3.2.3. MH CentOs 51 /Ubuntu E£H

B% CentOs S [H/Ubuntu SE[HFF & M55, LA CentOs Ff, BEARDIERUIT:

@ Frshi

\ Q@ masim @ wEE
HEERAESERS Z3=i:

g =
| AR HFER | ERANRSETR Q
:')—‘
“ RS SRR
nno/centos-desktop:7-cudaglii 2023-2-24 11:29:14 >
W ooa »oow 20 v EEE O1-1% 153
Requirementszit O R
B
N
Hrid It KA

£ CBIRRCE” PRSI R RIENR, RERd N
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FEHRINME
@) MrSER @ wEzE

HEREREFERSRS E RIS EIRG

HREE " 28

e

(3 smE=x @
TSI HEEEER

B

M

e T |

HETBIR

WRER

Himms, #FpEssaiEa

FEFER H SR T B 7 ZEAE R H 3%, IEHE 00 T A BRI, il

114 ‘F _Ai 2 .
BHRRE
M mesEs @ wEEE
BERGRRFEERS EEERTERE
=A% =8=:
=A% TEE=:
E=ExR: H==B=:

HHEF

© izusz O]
EE— TS EERER
#5=:  /share/DEV/jhadmin
#H=:  /share/spooler/spooler/jhadmin
#E#=:  /share/spooler/share

HER

BINIAARR, Al CEIE” .

HgiER
DR, AFEEEAER



MMERARME

) mESEE o) wEEE (3 #mAz O wiEE=
EEWERRHIEEES ECEMERTERIE ES— T EE HEEEER HiZsE, alExmrEs

WEEMR jhadmin-test

HIEfER

HEE S

BRI, TP A0 A A Bl CentOs SR HITF AR Fr

@ Fish = n

BEAREEH a o

AEEEFR: jhadmin-test "EE iE | oBs | BEEES BRE0s A
R S@EAn: jhadmin/centos-desktopijh... TRHESE: CentOS ciEEatiEl: 2023-03-23 14:52:06
1} crue: 2, mmE: 423%
= PO 220M/63G, EREE: 0.3%
,&T_'é. Centosg “_‘\‘1'4. Centoss® e N 6
[ - 2 | o =

CentOs EHFH

M “CentOs ]I & P uid] F”7 ol LA P e XF T CentOs S1f, HY
B ML#s B3 2edE JH Client V5.4 Win x86 r3sskkk. exe B4 :



SAe

o

B Frd - @

B 27 fps 147.1 Kbps B 2m BewmEs v 2

HIEERR: jhadmin-test

P2, CentossE
&7, Centosss
% 2

] panel

/. Welcome to the first st
N e e

CentOs 5 [H &/ Uiy 5t [

A “Centos S WEB 4717 , B} <=7E WEB 4T JF CentOs M-

A SERIIEETS X A jhadmin-test x [

C @ 192.168.0.250/appform/webclient/docker/SACEAIBFE3CEC148A6079B150DECTC221353B8D1C542F4E98DEGO1738E0767CDAIBOE383AIF7F3CRE... [3 & L
0fps 0.4 Kbps El2E B=Fk B S2E5E v

|

=

_C

[F)

/. Welcome to the first start of the panel
\‘v'/ Choose below which setup you want for the first startup.

Use default config One empty panel

CentOs 5%1H] WEB T TH]

TEFTIFHY) Centos S IH] A 1+ Ad FH RI AT,
B CentOs 2 [ A1 38 i) CentOs YN SH A G A E, 401 i% CentOs
A SCEE mount CAE, ASZEEAGMG SO, RS,
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2. 4. AT 1EMVIRAZ

AL B T &R ERMIREE S SIHESE, A4 Tensorflow, Pytorch. Mxnet
Fl PaddlePaddle, FHEHLAHN () Web TUTH LA RS IR L 2% SIAE M .

At Tensorflow, Pytorch. Mxnet l Paddle Z5HE42 4% 5 A AL f) GPU B CPU
FATIIINRE, CRFBHLE GPU, £HLE GPU, £HLE CPU IMIIZ T

% #F Tensorflow. Pytorch. Mxnet il Paddle ZEHL%% 2% S /E MV [ 25 25 ) 25,
F P AL AE Web 1]/ FRERAS 2 A S N ZR A, $RACH wT g s Y ZR A b F 75 1)
CPU. GPU MNUA K NTEEE, HFM web [T T Z NG B 5t . H
LA Tensorboard F1H LAEE I Gk e, HSCRIENL MR . EHIRAE . EiF

2SRRI ThRE

2.4.1. Tensorflow

2.4.1. 1. BHER

gt “Tensorflow” [lfF, MMM SHRE T, W1 F EFR:

+ TensorFlow(tensorflow)

]

HE : default v ek
B|E ! jhinno/tensorflow:py37-2.5 v ETAI = ~
TEER": M= | | @iEs | ERv BIEElHhiTE R
ERER: | @ims | orER-v R

iBfTaE% * 1 python train.py —batch=64 --data-path="/data/minst_test
Higzg . ENV1=test],ENV2=test2

EEAE T 2 v
Tensorboard : = AF v
Tensorflow HLHUAL AR V252 T T



Lhr —— 3

e

VRNV RS

WH: fREHH, BRINA: default.

YENv4z: fREfENA, BRIAN: tensorflow,

BB IR PRSI SR, f RS R RS S B
%, FhAIRPIMNEREE “tensorflow” KEEF BB

BATHR: BRI, R A BB ISRERF

TREAZR: eGP ITEH S, 7TRUANAH F A% Bk R 55 i A7 L2 B
Ko

BB HAT B BRI Gk, HEEETEARPEITEF. Tahik,
SAE CREAL-TEVEHE X e m I ST B 3%, 8 DR H Strb 9 8dE = )
Fmit Hx g, #ATIBITRERRE.

HEEF: SR EREIMNG H R BT d T, fln: ok PRk .

FERUR: R HFAER AP N A H R, RIS I HEH AR H s g R
RF—3.

BATWS: VD, BB HIAND AR ZSH, il train p
y ——data—path=/data ——batch=54.

WIRRE: HEMFIETFENPINEALE,

BIEHME: BN 2 B, AT I R R E

Tensorboard: EFEE T FUYFVilAl tensorboard ARSs. #5850, 1EMLIEE T
[fi, s “Uin) Tensorboard” #%Hl, RIRAH AL

FR: EHEAITRFERIGEE, SRk, BRUCAH %S, BT 8%
4. IR

Tensorflow fENVIRAE G, = BHINFTH “HHIIENL” TiH, HERH P fELE
ERZTEWVRER, T EPTR:



BEEE, EDERIRE!

ElEs v Rl v ‘- 1RibEmE i =20 fRlAE

4 tensorflow B teuasii [l B itensorboard

tensorflow @ tensorflow

AP jhuserl RS 4 I normal
ws IS @S0 tensorflow # :  nodel
S tensorflow WE:  default THR 2tnedel
CPugEr: 2 =5 AF
1E2E®  /wz_aloneS4/appform_data/spooler/jhuser/tensorflow 20230301153345

#iTEF:  /wz_alone54/appform_data/spooler/jhuseri/tensorflow_20230301153345
8 =FERSER

=X selectitype==LINU.. CPUthfTaSE: 03s B=adie):  2023-03-01 15:33:46

HERERAE REFERE: 32MB 7 2023-03-01 15:33:46

1-2% H2SEEE

[ Show data download links Q Filter tags (regular expressions supported)

Ignore outliers in chart scaling
epoch_accuracy A

Tooltip sorting method: default -
epoch_accuracy

Smoothing

—_—e 06

Horizontal Axis

STEP RELATIVE  WALL

Runs
Write a regex to filter runs Smoothed Value Step Time Relative

logs/train 09752 09814 2 ThuMar16,14:11:35 1m5s ~
Q© logs/validation 0.9782 09774 2 ThuMar16,14:11:35 1m5s

O logs/train
O logs/validation
TOGGLE ALL RUNS

epoch_loss

/wz_alone54/appform_data/spooler/jhusert/
tensorflow_20230316140843

BATREF AR T libaiflow api, s “EESLRERE" &M, TUAS
SCIRHE, W B



LA e

o —

Experiments mnist_tf2 (J
Eipdane t1D: 4
I mnist_tf2 2@ .
» Description Edit
£ pRefresh Download CSV& W Start Time All time
= ==} BColumns Only show differences @ Q tags'mliflowOBID'="6" S h = Fil Cl
Showing 1 matching run
P: eters
‘: Job ID 1 Start Time Duration Run Name User. Source Version Models batch size class_weight epoch:
rusert Qs - : 100 None 0

2.4.1.2. PS HATHER

$22Z PL Parameter Server J7 sCELELATIINZRARAS, SZRFESY S, FHIES IHATH

KSH, W FHR:
> ParamServer #(: T8 ESEURSHIHE.

> Worker #(: 52 IFIRSE =
> BWIEBKE: 538 ER ParamServer M Worker {#i FH (R &5 .

* TensorFlow(tensorflow)

EaIERF A ATITE [tensorflow] fRlkEICPUEECS P
WE : default v fEll=
&R jhinno/tensorflow:py37-2.5 v EfTAT: psitiT v
TEER": m= | | @ms| rERY BIEIElHTER
HE#ER: | &mis| oEx-v HEA
&fTaE$ * 1 python train.py --batch=64 --data-path="/data/minst_test
WETEE . ENVI=test] ENV2=test2
ParamServers * : EiRAE 24 v
Worker#f * : ‘iR 2% v
Tensorboard : TR oF v

U e

Tensorflow PS FFATHLAAE L HEAE TLIH



e

2. 4. 1. 3. Horovod 3478

#2752 PA Horovod SEELHIIFAT AL MIZRFEFT,  #F%E48E Horovod XS 4. H
orovod FATHE R 75 ALY ZRACRS LA Horovod JE (FE4T 7 BT 90AY, 40 R AT
TN

> ATEBIB: FaE AT IR SR

> BIEMME: $RERAIFATI R SRR

+ TensorFlow(tensorflow) - “
o
HWE : default v ek
R | jhinno/tensorflow:py37-2.5 v EfTAT: Horovod#4T ~
TERR": M= | | @ms | ERv BRI HITER
ERER: | @ims | orER-v RS

iBfTaF$ * : python train.py —-batch=64 --data-path="/data/minst_test

HiEEE . ENVI=test] ENV2=test2

FHTEAREL T EFMET v

Tensorboard : =R AT

Tensorflow Horovod FfATHEAEMVHEAS TL1H

2.4.2. Pytorch

2.4.2.1. BPUER

st “Pytorch” BIbR, #EAMRMIRZZHORE 0L, W R EFR:



Sk e 5

e

O Pytorch(pytorch) B n

] FEEE v | e ) |

WE : default ~ RIS

<

/187 | jhinno/pytorch:py37-1.10.0 v ETDI: g,
IEER": | M= | | @iZis | i8Ry B RLITER

EZER. @me | ofBm:v fE=A

i)

iEfTEE4 * 1 python train.py —-batch=64 --data-path="/data/minst_test
HETE . ENVI=test] ENV2=test2

BRAE T 2z v

Tensorboard : = AF v
LY | == |

Pytorch FHLAR 2 AF k2 52 Ui

VRNV R RS

WH: fREHH, BRINA: default.

YENv4z: fREfENA, BRUN: pytorch.

BB IR, RTINS, f RIS R S S B
B, THAEERPNEREE “pytorch” KEFHHE.

BATHR: BRI, SR A BB ISR

TREAZR: fERIGHITEH S, 7TRUANAH F A% B0k R 55 i A7 L2 H
Ko

BB HAT B BRAA Gk, BEHEETEBARPEITER; Tahik,
SAE RPN AF ML B G X7 R A s AT H 3%, R DR H s i s 2
ZHA)E, #TBITERRE.

B EF: R EREIMNG H R BT, flin: ok B Ak .

FERUR: R HFAER AP N H) H R, RIS I 3R H s g2 R
RF—3.

BATWS: VD, BB RIANCSEAEFZSE, il train. p
y ——data—path=/data ——batch=54.

HIRRE: HEMFIBITFENPINEAZE,

8



Ao
BIRHAG: BN 2, EBFEIT R EN TR E .
Tensorboard: E#/Z75 53] tensorboard ik%. #H30, VENLTENE IUIH,
sy “VUia) Tensorboard” 4, BN &F LY ZR15 0 o
B, FHRAITEEREES, SR, BRUCNHER, AT R
4 RE,

2.4.2.2. Horovod IATHER,

AU Horovod SEBLIIFAT AT IR, 5 EHEE Horovod MKZSHL
Horovod FFAT AT EAR AL NGRS LL Horovod B FFAT 77 AT A, 4~ i

7N
Yo S ) Y M Ly TN SUS—R
> AT RE: fa e TR SR
y 1o} e 403 YR
> REMAE: f5E R IRAT Y ST I B
© Pytorch(pytorch) B n
i o -
HE: default ~ [SIE=
& jhinno/pytorch:py37-1.10.0 v EfTATL: Horovod#HT v
TEER": m=H | | @ims | M8~ BIEfFLRTER
EEBEE: @ims | orEsv fr=a i
EfTeE$ * . python train.py --batch=64 --data-path="/data/minst test
FETE . ENVI=test] ENV2=test2
FHTEEREL 7 RS 7 iz v
Tensorboard : =R o v

B | | mE

Pytorch Horovod FFATHEAAEMLHRAZ T



LAt ——

e

2.4.3. Mzxnet

Mxnet RETFURIRIESSIHER, FOURFIFE LR & L S IR BRE
WIS S BT R, FTLAREAF ORI 25, 6 R im0
G,

2.4.3.1. B

st “Mxnet” BEIbR, FEAMEAIRZSHORE UL, R EFR:

@ Mxnet(mxnet) - n
L s
mE: default - 1Rl .
R | jhinno/mxnet:py37-1.9.1 v ETA: &, v
IEBR": | b= | @Gk | MBS ARl HTER
BFEER:  @img ofESv EER

iEfT8% * . python train.py --batch=64 --data-path="/data/minst_test"
ETE . ENVi=test] ENV2=test2

RS 7 2 v

Zh AF v
A [ = |

Mxnet BB AR ML 5222 UL I

TEMVIR A S 4

WH: fREWH, BRikJ: default.

ek frEffFl4, BRAH: mxnet.

BAR: DIET, ERRETBATHRNEE, TEMRIEEIT T ER S SN
%, THAIRFMEREE “mxnet” KEFHIHZ.

BATH R BRSNS A BB TSGR .

TREEZF: HeRIEYTEES, 7TLAAAM A& B0k £ IR 55 0 AR H



Ko

BIBENPAT B BRAA Gk, BEREAETEBRTBITER; T34k,
oAE IR M EAR X7 RO I PAT H 3%, 3 AR H sk i Hotls S|
EHA)E, HTBITEFERE.

FERE R 5 EHERHSN H R BBATE S, B0 7] DL PR

FEBOR: HEHHRAER AT R H sk, RIS N33 H R R
FF—3.

BATS: DI, BB SREFZSE, Flln: train p
y ——data-path=/data ——batch=54,

HEEE: HENRFBITHENPIIALEAE,

BEURRUA: BRUCH 2 1%, IEFRISAT R T i B BRI

. EHOITRERIEE, Boaiknl, BRUCIH PSS, HT 8RR
4. RE

2. 4. 3. 2. Horovod IH4THER,

$#AZUA Horovod SEILAIIFAT AT WIZkEER?, 245 5E Horovod MRS L.
Horovod Ff47 #8520 7% ZRE ALY SRR A5 LA Horovod I 9047 77 AT 4%, Wi R
ZiY:

> AT REG RTINS AR

> BRI FRERDIFATI R B



LA e
@ Mxnet(mxnet)
SRTER AT HE [mmet] (RLASCPUEEAS o FeEE v
WE : default v 1Bk
B8 1 | jhinno/mxnetpy37-1.9.1 v EfTAIV Horovod#H4T v
TEERE": | m3 | | @idgs | of8R-v BERLHITER

EHER. | @iTg | ofEFv s

iEfTEE4 * 1 python train.py —-batch=64 --data-path="/data/minst_test"
HETE . ENVI=test],ENV2=test2

FHTECFEL EEAE T 2z v

ZE . FF ~

e W

Mxnet Horovod FATHEEAEMLHEAS VL THI

2.4.4. PaddlePaddle
K3 (PaddlePaddle) s& HEIR B 24 I #Z O MEZR . T B A FIAR S 6 A — 1K

BRI ThRESE & MITHIRIR 2 2T 5 .

2.4.4.1. BHHLBEFR

mii “PaddlePaddle” KWbr, #EAENIRZESECKE T, W FEATR:



PaddlePaddle(paddle) - n

WE: default v 1Bl
F|E 1 | jhinno/paddle:py37-2.3.2 v ETAT: =, ~
TEER": | b=t @iEk | M8~ BIEfRATER
BEHER. | @ims | orERv e 4

iEfT8% * . python train.py --batch=64 --data-path="/data/minst_test"
ETE . ENVi=test] ENV2=test2

RS 7 2 v

Zh AF v

s | [

PaddlePaddle BLHUAEE A AE V228 5L TH]

VRNV R RS

WH: fREHH, BRINA: default.

YENv4z: fREfEN4, BRIAN: paddle.

BB IR, RTINS, f RIS R S S B
B, THAERPINEREE “paddle” KRETFHIHE.

BATHR: BRI, SR A BB ISR

TREAZR: fERIGHITEH S, 7TRUANAH F A% B0k R 55 i A7 L2 H
Ko

BB HAT B BRAA Gk, BEHEETEBARPEITER; Tahik,
SAE RPN AF ML B G X7 R A s AT H 3%, R DR H s i s 2
Fmt Hx g, #ATIBITRERRE.

B EF: R EREIMNG H R BT, flin: ok B Ak .

FERUR: R HFAER AP N H) H R, RIS I 3R H s g2 R
RF—3.

BATWS: VD, BB RIANCSEAEFZSE, il train. p
y ——data—path=/data ——batch=54.

HIRRE: HEMFIBITFENPINEAZE,

8



SAe

=3

BRI BN 2 1%, ISR P f M B B
B FEOUTRERIIREG, Bonigml, BUOvH P EL, T HdhE %
2. R

2.4.4.2. BHLEF

AT HHLZ K PaddlePaddle 1BV, TFEAEIBAT AT LML E “—mn
paddle. distributed. launch” &%, BEAREAIEERS T EFiR:

PaddlePaddle(paddie) - “
‘:I
E ! default v ek :
8% * 1 | jhinno/paddie:py37-2.3.2 v BOTR: v
TERFER*: o= | | @FEs | 11ERv BIEfRILITER
EHEER: @@k | oM ERv A

iEfTaE< 7. python -m paddle.distributed.launch train_multi.py
HEZE . ENVI=test! ENV2=test2

BTS2 v

awH [ mx |

PaddlePaddle BN 2 RAE A AE V228 L TH]

2.5. SCIREH

SCIG A HON N LR e -1 6 IR ALER IR | HUBOFIIC S BRI SR b 1 L AT
T, RORAEENEATSRI IO I PITAT SERAR S B AR . Sesillghid R v
KIS, S, f8bs, By, BB, SOHFSEE R il 28R E, @i mT
WHmE A EE .

=SS5



Sk e 5

e

£ (experiment) : FHMTIHA, I iHSHZE X IXA L,
217 (Run) : FIOHSHEBITIESK.

2 ¥ (parameter) : FHRIASFTICFEHIZEL

1815 (metric) : WLFKFNMSZ G HIHRIRA R

3O (artifact) : 10Tt

2.5.1. H#ERINHERF

HER LA, IFESEI ISR P ek 1ibaiflow APT.

J53—: @it libaiflow. tensorflow. autolog 1 libaiflow. pytorch. aut
olog ALY Callback AL H S FFHH 7] 5 I EE tensorflow Al pytorch SEH
SR Fabr 5 2 MR 8 « T IR IR autolog H ShWCHESE 1R BEAND

CEEFIARIS 25 i BRI —)

import libaiflow
expt = libaiflow. init (experiment name="mnist tf2 cpu”)

libaiflow. tensorflow. autolog()

J7 T I SRR S B OC api DR MR SE, (BRI SE
5wy £ 7 I

import libaiflow
expt = libaiflow. init (experiment name="pytorch—sample”)
with libaiflow. start run(experiment id=expt.experiment id):
lr = ElasticNet (alpha=alpha, 11 ratio=11 ratio, random state=42)
Ir. fit (train x, train y)
predicted qualities = lr.predict(test x)
(rmse, mae, r2) = eval metrics(test y, predicted qualities)

print ("Elasticnet model (alpha=%f, 11 ratio=%f):” % (alpha,

9




LA e

e

11 ratio))
print (” RMSE: %s” % rmse)
print(” MAE: %s” % mae)
print (" R2: %s” % r2)
libaiflow. log param(”“alpha”, alpha)
libaiflow. log param(”11 ratio”, 11 ratio)
libaiflow. log metric (“rmse”, rmse)
libaiflow. log metric ("r2”, r2)

libaiflow. log metric (“mae”, mae)

2.5.2. BATINEHER

NTHEREFEMEZANTIRECHEM Libaitlow FE, W $252 ALEL, IB17H
TZERI ) 7% Jupyter F1 VSCode %5,

2.5.2.1. 32 AL 1ENb

AT VEMEBRINEERK 1ibaiflow i, MR libaiflow APT [FERF, #RAC AL
MY, HEATHEIZR. PAHRAS Tensorflow fEMV A, 40 R K FR:

BEES, WOSNRE A rowe | mAEE

R :  jhinno/tensor flow:py37-2.5
TEER*: o=+ | | @%w | 11TERv
ERER: ©T% | ONER~

EfT#% *: python mnist_tf2_cpu.py

PSS : ENV1=test ENV2=test2

2 AT fRR

9




e

Tensorflow /ENVIRAZfG, = HAFTH “HWHIfENL” TiH, FH{EA P fELE
ERZEVIER, WNER:

SEEE, WDENIRE!

(= RIS ¥ W& 1Rl EEE TRV RIS

1 tensorflow
70 jhusert e 7 normal
L ensorfloy 23T node1
ensorfiow wE
3 2 =5 AF

= Jwz_aloneS4/appform_data/spooler/jhuseri/tensorflow 20230301153345

#TES:  /wz_alone54/appform_data/spooler/jhuseri/tensorflow 20230301153345

k. select[type==LINU.. CPUR{TESIE: 035 iBAfiE:  2023-03-01 15:33:46
WEERE: 32 MB HiTASIE:  2023-03-01 15:33:46
SRR

IBTEHE:

20 v | REA 1-2% H2FMEE

R ERER Libaiflow api MG, 4 REEELKEIE.

sl “EEREEIE” A, TUEEREEE, W EPTR:

Experiments mnist_tf2 (J
Experimen t1D: 1
I mnist_tf2 2@
» Description  Edit
4 rRefresh Download CSV& W Start Time Al time
= | @BColumns Only show differences © Q tags'mliflow]OB_ID"="4" Search = Filter Clear

O | b0 4 Start Time Duration | Run Name User Source Version Models  accurag y Toss valac

O'~% ©30minutesago  55min : husert Cmus., - i ossa 007 0se1

BE SERHERE

2.5.2.2. BATHRBHEGHPI TR

TIPSt &8, BEANTTR BT, MW@ EEIRAE . YIZRE,
bk E PR



Sk e 5

e

"R SRR ISR
BB o
AR [¢]
v @ BEET
e

@ i

@ EH e

@ MR

@ Bk
rdziiEss

@ VTR
» B HEmE

@ Threco

v @A

» R ERESEIG

> @ BRI

FHERE6

FELHIS V W& ¥ TR Y MRV
santractemmu . SR 1e201 2H

TR i, Xy« Seie s B SLii Bl bs, mT DLE A SEgn s ,

& mwEE

Experiments

DN

WebIDE 2§

libaiflow API #,

RRTT R A5
de” MRS IGIEF B3 AT 1Mk, BT ISR, Dl
BAEDITRIE . Xy “IF R T SE R, STIF TPk

Q@ A |
[ S} BT ‘
o
2
m <
CPUEL GPUER ¥ RzHTE) ¥ fTIE) ¥ BT s v
2 o 2023-03-10 15:00:54 2023-03-10 15:00:54 153378 5
[ 1] 20 v FER1-1% 1A

N E s
_—

SEEEEPRIETTI_RE jhadmin 0

Experimen tiD: 1
(O Default 2@
B . » Description  Edit
I SRR R .. 2 @
£pRefresh Download CSV&, V Start Time All time
= B8 @Columns  Only show differences o Q Search = Filter cl
Showing 1 matching run
Metrics
Job D 1 start Time D Run Name User Sou Ve Mod MAE MAPE msE
0O @ 1 minute ag; 2 jhadmi oo - 0033 8086 0004

.5.2.3. \NFFRHLIBIT

ERINEERL 1ibaiflow &, Vil “Jupyter” Fl “VSCo
Jupyter Al55 M H



OCVERL S, N E TR

EE) ISR Q <

jhuser1-YFyHjrwa iEE ok BEFEs | BRESEE

GPU(): 0

RIGEFR

1
ﬁ VsCode >

Jjhuser1/webide:;jhuser1-yfy.. WebIDE AEATE: 2023-03-21 20:36:40

£} cruen: 2, mm=: 0.00%

ATF: 129M/16G, EMAE: 0.8%

oA N
jupyter  jupyter > SSH >
e’

TE R AL E R A

i “Jupyter” KA ¥, Ui Jupyter A%y, EFEEERL libaiflow API
HIINZRER, $ATIGRER, Buld RS ey R R . N EATR:

Z Fle Edit View Run Kemel Tabs Setfings Help FRES/EAL

» - B o+ c [ Leuncher % | [ mnist_tf2.ipynb + %
B+ X DB » = c » Code il tensorflow2 5-py37 O

o layers.Flatten(), ‘ls

m/ example / jupyter /
layers.Dense (256, activation='relu’),

Name - Last Modified layers.Dense (64, sctivation='relu’),
[ 2 months age layers.Dense(10, activation=None)
A mnist. D
[ pytorchip 2months ago SRR L
O Readme.tit 2 months ago expt = libaiflow.init(experinent_name="mnist_tf2")
1iba
netuork. conpile(optimizer-optinizers. Adam(1r=0.01),
loss-losses.CategoricalCrossentropy(from logits=True),
metrics=[ ‘accuracy’ )

tf.summary. trace_on() # EF & ME

/apps/miniconda3/envs/tensorflow2/1ib/python3.7/site-packages/tensorflow/ python/keras/optimizer_v2/optimizer_v2.py:375:

ated, use “learning rate’ instead.
"The “Ir" argument is deprecated,

Usertiarning: The “1r* argument is deprec

use “learning_rate’ instead.")

# BFEMESEEL

network. build(input_shape=[None, 28,

network. sunmary ()

pb_file path = "model”

if not os.path.exists(pb_file_path):
os.makedirs(pb_file_path)

28, 11)

AU T A AR T A RGN Ky A

Model: “sequentisl 1"

Layer (type) Output Shape Param #
conv2d_2 (Convap) (None, 28, 28, 6) 156
max_pooling2d 2 (MaxPooling2 (None, 14, 14, 6) )
conv2d_3 (Convad) (None, 13, 14, 16) 2416

Simple 0 M1 @ % initialized (additional servers needed)  tensorflow2.5-py37 | Idle

Vil “Jupyter”

Mode: Command

W55 7n =

&

st “RRAARAL” $HL, SRRk, iR B s

@ Lni,Coll mnist ti2ipynb



HE* default v

FEE& " jhinno/tensorflow:py37-2.5

TIEER* | /home/users/DEV/jhuser] example/jupyter/

BERELHTER

EFHL T mnist tRipynb

Tensoroard @D

BTAR =1 PSHIT HorovodHT

AT AL AR s A

s “EMEL $24L, FTTREEAL tab U1, WK E PR

T Fle Edit view Run Kemel Tabs Settings Help FEUENL

m / example / jupyter /

— | Name N Last Modified RS frls HUS BE ER o] HAEY 2] HTHE CPUBEL
T om e 2 months ago
* A pytorchipy.. 2manths ago

D Readme.txt.... 2 months ago

=15mE

Simple (00 0 M1 @ R

R IR (AN A7 =Y

s se Bl B “Sei B AR, EE SEREEE, W B PR



Fle Edit View Run Kemel Tabs Settings

Simple oM@

s+ o B s

Experiments

| mnist_tf2

Help L

2.6. REEH

M55 B S HE ORI

A “Torch Serving” KA. W HFR:
> BRLW: B3
Tensorboard: H T A/ ¥lAb & F BRI .

X | B mnist tf2.ipynb

mnist_tf2 (I

BAE SERHE R E A

“Tensorboard” .

—4”—' »
N

—/™ web ssh iR% .

All time

3
{EkREIZEEORER

“Tensorflow Serving”

>
> Tensorflow Serving: & IZEH] Tensorflow FH K AN Web Hk55 .
> Torch Serving: ¥ illZ:i Pytorch BB K 4ii Ny Web RS

B AR AR 55 S B R38R E AR -
XA 55 S 451 L

IIESE
B 5

i

HLA:
PR

AWM BN Ui i AR S5 L B3R R 55 BAL

S%of FLAt RN R R 55 SIS 45 5 iR 55 SEEA51E S A ok IR 45 1)



HH

2.6.1. MRS

2.6.1.1. “&ImAs” RAKRS

sy “USInT HEL RE CESnT w0, EER SRR R ARE R RS
s ERR:

AN 2wy SR AR 55 C B R

B PR Z AU B AR SR

MR AH: R EE L.

FH. BHGITEERIEeE, BoniEm, YO Eg, AT 8%
£ R

IRSFRE: PRI R, BN “AImEdR” .

BBRAR: @ FRIRIEETERNEE.

BIRHMG . EHEA SIS P fR A BRI R, BN 2 .

HESNE, sl “WE” L RS Es, wn EIR:



A @ EzeE a
wm 5 | =
B T B T AT =5 v o A s v BEERT
ssh | =20 | jhuser1 BF 03 terminal jhinno/makesensev1.0
« « v o v sER 11 missmE

W A ias” RS RER

2.6.1.2. “Tensorboard” XAKIIRS

7NIN “Tensorboard” KRHIARSA 2 M7, 41 FFios:
> MRS EETBA “Tensorboard” FMFIARSHT, ERHMMEL. T7
SR Pk, W LU s “ V5] Tensorboard” 424, ¥
“Tensorboard” A ARG .
> HEARSE, TN “Tensorboard” A IRS .

PLFBIEIN “Tensorboard” SR ARSI, HAELEM R fd “am”
T, sl Cdm” w0, EBENRSRBEAES S, WTNETR:

A N - &

=
BEEHR  ERNRSEER

BBS%® *  Tensorboard

logsBR *  WiElogsER A var/log IR




NI “Tensorboard” MR 55 B B 7~ =

EIh AN SR BAR S SR

RS2 H#R: HHE L.

B EHH AT EELIRRE, BoaiEnl, BRIACAH %Y, TR R
4. RE

MRS-HEAL: 4% “Tensorboard” .

BABREHR: Wi R AREEHEE.

Logs #iubik: Hohjnl VA LI R AR

WHERR)E, il “BE” A, wIRSSEe], W E s
] - &

BSER v BSRE v BlEEA ¥ =R ¥ D AT ! BRSEE v B|ESHR Y
jhuser1 BF 40 tensorboard jhinno/tensorboard:v5.4

ssh JEAT | Jjhuser1 BFF nodel 2023-03-20 16:12:03 terminal jhinno/makesensev1.0

™I “Tensorboard” KAIARS = K

2.6.1.3. “Tensorflow Serving” XTI RS

U “Tensorflow Serving” KMHIMRSAT 2 MI70, WITFis:
> HENBREE, pidEAR A, g ANBRYSIRER, ik — AR S
BiljE, s “BIAE” HHL, W0 “Tensorflow Serving” 87
IR 55 -
> HENIRSSEH, Fhiln “Tensorflow Serving” KAIARSS .



HH

PLFBIEI “Tensorflow Serving” KM NHI, BAEDERWT: &&
COUNINT AL, PRE CUNInT 'O, BB SRR ARABE SRS E, T
PR 7R :

SN “Tensorflow Serving” 2R ARSI B o~ K

KBRS H BAR S SCAnTR -

RS2 RR: HPEE L.

FER: EHE IR ERIGEE, Wontbikm, BRUCAH P Eg, HTHdE%
4. IRE

ARSTRAL: %FE “Tensorflow Serving” .

BBRAMR: Eid TR RIEFRER .

BRAZRR: HPHEE L

BRI E R PSR PrEm H .

BRI R EEIRS AR ENRIELE, BN 2 .

HESRME, s “OE” Al IIARST s, W B



HH

A @ EsEE
o =
BSER Y ESHE ¥
tensorflow serving
tensorboard
ssh

EA ¥
Jhuser1
Jhuser1

jhusert

=RV
aF
aF

BFF

o A

nodel

nodet

52

2023-03-20 16:32:40

2023-03-20 16:12:03

< B v » o sEE 13 =3sms

ST V
th-serving

tensorboard

BEERT
Jhinno/tf-serving:py37-2.5
Jhinno/tensorboard:s.4

jhinno/makesensewv1.0

™ “Tensorflow Serving” 2B ARG~ & K

2.6.1.4. “Pytorch Serving” EKEKIIRSE

sl “USInT HEEL RE CEmT w0, EER SRR R ARE R RS

N EPR:

* o ERNBSETR

* Pytorch Serving

*ERNEREIR

ndler*  /apps/*.py

*  [apps/<*

* AR

o EMASERER

*  [apps/*pt

*  [apps/*py

w24

N “Pytorch Serving” A HIAR S AL B~ = K

P RS S AR BRI
MR35 4HK: ) HE L.
. EHGITEERIIEeE, Bk, U Eg, M T HdE %

£, RE




MR%28L: £+ “Pytorch Serving” .
BBREWR: W ThpRIEFEEHEE.
BRI P EE L

BRSO ke pt BRI

handler: i%&#f. py 3ff.
BERIGEMISCE: 1+, py FRALGE R AT
AR - AT o

BIEHMG: LB R IRS T B E, AN 2 .

HERRE, i “TE” =, IIMRSSES], an s B

m
ESHS ¥ SRA ¥ =5 v el EENT v HOER T
jhuser1 AF 27 torch-serving Jhinno/torch-serving:py3-1.10
Jhusert OF nodel 2023-03-20 16:45:52 t-servin 9 jhinno/tf-serving:py37-2.5
jhuser1 BF node1 2023-03-20 16:32:40 tensorboard jhinno/tensorboard:v5.4
Jjhuser1 BFF nodel 2023-03-20 16:12:03 terminal Jjhinno/makesensev1.0
0 v mEm 4% H4mmE

NI “Pytorch Serving” ZEAYHIAR S 7~ = K

2.6.2. EIBMRS

PLEHININ “Tensorflow Serving” RAMIARSS B, HAEDERWMT: EH
— 2RSS W a, sy CEETASIN T HAHL, SR CEFTINT B H, W NN



BTSN “Pytorch Serving” JRARYR 5 Al B on

B RS SR BAR S LR

IRSFAHR: o5 APk Rk, BRI EIFEZ AR 55 LB ik 55 44 9K o
R EHITRE RIS, BRI, BRYCIZ RS L
MR452K21: Pytorch Serving.
FHRAR: Wi TSR,

BRIZFR: HEE Lo

BRI i pt BRSO,

handler: &4k py SCff.
BRGSO 45, py LA R SCAT
PRI - 3k B

BURAMG . PR SRS P R BRURRCE, BN 2 .

HESERHE, Al “WE” Al BEFISInRS SEB, n ER:



SRS ¥ GRA T 2RV ST V
Jhuser1 aF 51 torch-serving
Jhuser1 0 node1 2023-03-20 16:45:52 thserving
tensorboard jhusert LF nodet 2023-03-20 16:32:40 tensorboard
ssh Jhuser1 aF nodet 2023-03-20 16:12:03 terminal

20 v | ¥E:D

BN “Pytorch Serving”

1-4% HA4FHE

2.6.3. BERSZER

s i R 55 B3R r R — 2% IR 55 ST 481 ) e 55 4 R B X e —
IIOPA NS R =200 IRSVER . IRoTH

Ve BoRRFEAREE . RAEE. BEaRRkS
BRI«

R AR 557~ e

HEER T
Jhinno/torch-serving:py3-1.10
Jhinno/tf-serving:py37-2.5
Jhinno/tensorboard:v5.4

Jhinno/makesense:v1.0

H LU Web 2.
IZIIL»$D

/)?,fl:l A%\ ’ ﬁH‘F

¥ mseE S |
E3 & m o
EEET T BSSRS © A T =R T RetR  EESHE  ESE%  Websi BsER: .
pytorch jhusert oF nodet PEES
Jhuser1 aF nodel o mams
tensorboard jhuser1 v nodel fE=2#:  tensorflow_serving gEZA:  jhuserl BETS:  nodel
ssh Jhuser1 0 node1 = U: thserving FLE: 8
fiEEadE:  2023-03-20 16:45:52 5l&:  tf-serving-jhuser1-8 30053
=5 AF
s
IR 5 52 4 o A B 551 mems
/home/users/DEV/jhuser! fexamplelibaifiow/model
= FEESES
sm@En: jhinno/thservingipy3T-25 8502
/home/users/DEV/jhuser!
/model_start.sh --model_name=mnist --model path=/h /DEV/ihuserl p

FEE 4% £4W
https://192.168.25.604 q SE 1-4% H4RWE

(serving

—+ »

AN

MR% H&E: mid “MRs 24, VIR HE R
MIZMGSHPRES LT “Rahh” M a7 RS, 23hE5%
Hl<FSmE A HE, BB T B FrR:

fwz_aloneS4/appform_data/spooler/jhusert/tmp_20230320164553/output 8.txt

bind:/home/users/DEV/jhuser1:/home/users/DEV/jhuser1 bind:/wz_alone54/appform_data/spooler/jh...

AE MRS HE.
AR 55 i H &S



B 7 A v =y EEE S [
£025-05-£0 10545 TR ensortiow, senang/model servers/server Core cCob] AGGING/Updating mogels, -
ving jhusert BT nodel  2023-03-20 16:46:43.243074: | tensorflow_serving/model_servers/server_core.cc:591] (Re-Jadding model: mnist

2023-03-20 16:46:43.344138: | tensorflow_serving/core/basic_manager.cc:740] Successfully reserved resources to load servable {name: mn

jhuser1 aF nodel | istversion: 1}
2023-03-20 16:46:43.344190: | tensorflow,_serving/core/loader_harness.cci66] Approving load for servable version {name: mnist version:

) o

soard husert P nodel ) )

J a3 2023-03-20 16:46:43.344204: | tenserflow_serving/core/loader_harness.cci74] Loading servable version {name: mnist version: 1}

. 2023-03-20 16:46:42.344260: | external/org_t Reading SavedMadel from: fwz_slones

jhusert LF nodel

4/appform_data/spooler/jhuserl/tmp_20230320164553/1

2023-03-20 16:46:43 347795: | externalorg_t Reading meta graph with tags { serve )
2023-03-20 16:46:43.347851: | externalforg_ter 32] Reading SavedMaodel debug info (i pre
sent) from: /wz_aloneSd/appform_data/spooler/jhuser!/tmp_20230320164553/1

2023-03-20 16:46:43.347975: | external/org_tensorflow/tensorflow/core/platform/cpu_feature_ guard.cc:142] This TensorFlow binary is opt
imized with oneAPI Deep Neural Network Library (oneDNN) to use the following CPU instructions in performance-critical operations: SSE
3 SSE4.1 SSE4.2 AVX AVX2 AVK512F FMA

To enable them in other operations,rebuid TensorFlow wich the spproprste comle fags

2023-03-20 16:46:43.438028: | externalforg_t del/load ] Restoring bundle.
2023-03-20 16:46:43.440672: | external forg_tensorflow/tensorflowjcore/platiorm/profile_utils/cpu_utifs.c:114] CPU Frequency: 23000000
00 Hz

2023-03-20 16:46:43.645735: | externalforg_tensor a Running initialization op on SavedMod
el bundle at path: /wz_alone54/appform data/spooler/jhuser/tmp_ zozso;zmsAssg/l

2023-03-20 16:46:43.654741: | externalforg_tensor 7) load for tags { serve ); Stat

us: success: OK. Took 210469 microsecands.

2023-03-20 16:46:43.655778: | tensorflow_servingfservables/tensorflow/saved_model warmup_util.cc:58] No warmup data file found at /
wz_alone54/appform_dats/spocler/jhuserl/tmp_20230320164553/1/assets.axtra/tf serving_warmup_requests

2023-03-20 16:46:43.6 56572 | tensarflow_serving/core/loader_hamess.cci87] Successfully loaded servable version {name: mnist version:
1

2023-03-20 16:46:43.658032: | tensorflow_serving/model servers/server_core.cc:486] Finished adding/updating models

2023-03-20 16:46:43.658121: | tensorflow_serving/model servers/servercc:367] Profiler service is enabled

2023-03-20 16:46:43.6 59568 | tensorflow_serving/model servers/servercc:393] Running gRPC ModelServer at 0.0.0.08500

{warn] getaddrinfo: address family for nodename not supported

2023-03-20 16:46:43.661454: | tensorflow_serving/model servers/servercc:414] Exporting HTTR/REST APl atlocalhost:B502 ..
[evhttp_servercc : 245] NET_LOG: Entering the event loop .

[1] 20 v RER 1-4% HAREE

Web &iifi: sih “web i ” %4, VI 2 Web Zum VLTI, A DALE UL HIAR DL

ssh A3 M BRAE AN RS, Wk B Pos:

¥ Esem -+H
E3 0 EE3 Ex w e

BEERR VY [=ere BEEA ¥ =R T IESiEE EsEE BESSER
Jjhuser1 BIF /bin/bash M
jhuser1 KBFF root@ead65d5Acctd: /#
\oard jhusert LF
jhuser1 F
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- &
m e
AT =5 mETE WS Webszi BEEn: .
jhusert aF nodel
tensorflow serving jhuser1 AF nodel
rboard jhuser1 LT node1 tensorflow_serving glEEA:  jhuser! nodel
ssh jhuser1 aF nodel = 7 tfserving ez 8
2023-03-20 16:45:52 tf-serving-jhuser1-8 30053

mnist

/home/users/DEV/jhuser1 /example/libaifiow/model
B =ERSES

E@s%:  jhinno/th-serving:py37-2.5

/home/users/DEV/jhuser1

/model_start.sh --model_name=mnist --model_path=/home/users/DEV/jhuser1/example/libaiflow/mo..

Jwz_aloneS4/appform_data/spooler/jhuser/tmp_20230320164553/output 8xt

bind:/home/users/DEV/jhuser1:/home/users/DEV/jhuser1 bind:/wz_alone54/appform_data/spooler/jh...
- mEss

e P20 v REE 1-4% H4REE

TER: U7 IR 55 hRE AR I 55 SE B IRES O “I84T 7 A AT AT

{
“model_wersior_status": [
{
“werzion”: Y17,
“state”: "AVAILALBLE",
“status": |
“error_code®: “0E",
“error_message”:

}
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Eirmamg:  Jhuser!
mmampe | trsenving

= #lllatest,1.00

| |

B R AR SR B AR SCR
BArtrBEMm: SR ENRFME.
BREIR: MANREEIBR AR
JRA: BABERRA, BRAN latest,

mdr “HE” HZHL RIS IRAF N BHR, W EFTR

A W EseE - s &

P 65 m o>
BSER v BEA ¥ =R 7 o iBfFseal, BRUBNAEASH. SHEE... & BBEER: tensorflo..
- pytorch_serving jhusert aF -
tensorflow_serving jhuser1 BF nodel o mamm
tensorboard jhuser1 BF nodel EEER:  tensorflow_serving elEZA:  jhuserl BsSs: nodel
ssh Jjhuser1 2F nodel BsRs: B30 tfserving fELS: 8
alEatE:  2023-03-20 16:45:52 AEs5IE:  th-serving-jhuser1-8 S0 30053
= AF
= EzEs
EmET R mnist
EREe: DEV/jhuser1
D =nEsEs

&SR jhinno/tf-serving:py37-2.5 EESEEEER: 8502

#TER:  /home/users/DEV/jhuserl

[ES@4:  /model start.sh--model name=mnist --model_path=, DEV/jhusert p
BESEE:  /wz_alone54/appf / 1/tmp._2023¢

85T bind/home/users/DEV/jhuserl:/home/users/DEV/jhuser],bind:y tai s x

{81 92.168.25.60:5000/jhuser 1/
tf-servinglatestaiE.

= mEe=

o Hll o - sEE 1-4m sasseE
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torch-serving
thserving

tensorboard

HEER T
Jhinno/torch-serving:py3-1.10
Jhinno/tf-serving:py37-2.5

jhinno/tensorboard:v5.4
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1. RIA 3D WARALThRE, #R: “WIYISRRIT)S WebGL ThEe, HR AN WA E "

N LRRET & CHF BRI W 4 AR AL AT 3D A WAk, (H& 3D Al WAk DI Ak
HAGI S0 2% (1K) WebGL BhfE. WIRAH M Google Chrome84 LA A, EITCIENEH
3D Al AL INRE, 7 EAE Google Chrome HHHTJF WebGL2 TfE.

(27T
oG, MR P AR 75 S HE WebGL2o TEZRRTIN, 17 75 0 Wi 28 bl A g A
LUK R k-

https://webglreport. com/?v=2

BT FFRERS, BRI W% SCRF WebGL2, 41 R T«

v This browser supports WebGL 2

J& F WebGL, 7F Google Chrome H115% & WebGL2 FHRZ %L, W84 A

chrome://flags

BRZHOF WA

WebGL Draft Extensions % B® AN Enable
Choose ANGLE graphics backend & N OpenGL
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DATE 5 3 125 e A 55 Hh B 7 1) FH P 5 H 3 PRk g XL 3L 2 80 X R (19
Ba ek, Hadaxt i ia g ELRFF— 2

. IR AR AR M 25 PRI I ST

R TT
AR SS A S S EOAER P K H s AR B XA 5 X, w]
LIORE 75 2 ORAF RO SO 95 DURIRT P K H 3 ARME O X B I B X R

. IR R A PRI R B BSM T pip B conda AR

R T R
A LLMAM R4 pip.  conda MIESZREL, FAHN MR,

. WTEESE root JE 3N MIBEA R A

LR T 5

i F sudo $4AT yum B apt-get 74,

. BREVIGESFEBH, &7 out of memory

LR T 5
TR BE I FRAE P AU B K

. BBRESBHRMEREE, output. txt FIR: “service start failed, cu

rrent status is: rejected, reason is: No such image: ahaha/aaa:v_
testal”
JE AL

QIR ST, B/ AN BB AR AR, B A0 b & UL I
AL GRS br L O AFAES

DTS S
TRERN AR AT, SN/ BRI IR B
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8. pytorch. tensorflow % Al WEMB LM, ¥HE IEE ZR

JE A
appform session i¥#f, 7E portal. log A1 jhai. log H ] LUE Bt #(5

iy
o

(B E S
EHE R

9. #Ef#2 TensorFlow. Pytorch &F AI fEMNb. 1EMPIRBERER, H)E GHEMN
JF AL

PRV &% J5 Bl A CvA g .

10. THEA RTCEY WM A TP RS0 IP B, 7 jupyter A&, AR
BRERE A SRS .

JE AL -
jupyter 7¥4% wy ZEAEVS M N AT AR TP

R P

FOVFUHEEL T s 5 i) L T =45 fAM M TP BFE jupyter A8 I TT ™ P9 I
IP Vs AR A AR 55, EAT TR AR ST url RAEH . P TP AR IR,
TR EH .
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JE AL
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12.

13.

14.

15.

MR/
RELEF 4 PSS -

AEREMYF, AT mount, FREE: “mount: /ubuntuxwf/: mount failed:
Operation not permitted. ”
JR A -

BRI e E, WAHITI privileged HLIR.

R IT I
T EEH SO s Ja T 4% T

tensorboard AT G AT N H, A MEH tensorboard E W
JF A 2
tensorboard FEEH] json XAHEA INEE .

(VS
% P UL T FEE T T

FRAIEEZBREE /53 vscode [HIR.
JE A :
vscode 7E 25 2% 5 1] HF R 8 75 B8 R 2 2

fitt e Ik
Ja 23 il-—no—sandbox, #lll: ./code ——no—sandbox

f#H libaiflow. log_figure fRIFFHIEFK AR html B, ELHE AT
html TBIEERN.
J5 A

plotly AR EIER htm] SCAFHPT plotly R 51 IS A A2 cdn #5235,
FEAS NS plotly. js BEIEW BoREE.
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fitt R IR
EWARAF ALK plotly B . png, . jpeg S A% U AL html 4%

16. REAIRTE firefox FIREBIVIR AR R, FBOLIEHRNE M A 1b 5 1A
=
JiR A«
Firefox f7-7E B AR U5 1] 22 4= R ] o

SR FTH I R s bR~ N . about:config
WIR 2. s ESOARS Hgk s, R

dom. events. testing. asyncClipboard.

N

dom. events. asyncClipboard. readText ¥ HAEECN true; (. Wik
dom. events. asyncClipboard. readText AFELE R LAASHAE L)
PBR 3. EHJF AR RN AT R

17. FFRAZKANFFE A RES 58 T — R 5

1) Jupyter ¥ kernel Restarting
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JE A
ATREAE RN N AF ST S 2 Kernel FJH

R Ts %
A RAZAR D) 40 5 v AR P A7 AR A 1A

2) Jupyter REENFCHELHE “CUDA error: out of memory”
JR A :
XN AFECRATT TR, R IEEEIT R REIARE .

RS %
R — SRR IEAT (A B AP B N A BB A7, 3R F AR
BB R, fE)E G IR THA, s “X7 SRMIANE 2
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- Fle Edit View Run Kernel Tabs
CPE
OPEM TABS Close All |
[ Launcher

M pytorch.ipynb
M mnist_tf2.ipynb *

KERMNELS n All
% (M pytorchipynb
M mnist_tf2.ipynb

TERMIMNALS Shut Down A

TENSORBOARD Shut Down A

3) H: vscode FIBITHERFEEH Killed.

EXPLORER «+ B Get Started D~ meore @ -
~ share > DEV > xwiuser1 > e orch > % mnist_trai

7 sl 1 from __future__ import print_function

? dataset 2 import argparse
~ jupyter 3 import torch

> ipynb_checkpoints 4 import torch.nn as nn

5 data 5 import torch.nn.functional as F

> logs 6 import torch.optim as optim

7 from torchvision import datasets, transforms

> miruns 8  from torch.optim.lr_scheduler import SteplR

> model 9 import gzip

@ mnist tf2.ipynb 16 import numpy as np

@ pytorchipynb 11 import os

@) e i 12 from torch.utils.data import Dataloader

hTe E

) U 13 :r*cr:\"tn:ch.utils.tengwbnar‘ﬂ inport Summaryhiriter

> libaifiow 1

> mxnet 15 class Net(nn.Module):

> paddie a2 = o1

< EE s outeuT 6 CONS TERMINAL 107

> data ©_1634.png data logs mnist_horovod_cpu.py mnist_horovod_gpu.py mnist_train cpul.py mnist_train cpu.py mnist_train gpu.py model server readme.txt S
> logs ® (pytorch) [Jovyan@le36302c0664 pytorch]$ /apps/miniconda3,/envs/pytorch/bin/py iple/pytonch/mnist_train_cpu.py 1

/apps/miniconda3/envs/pytorch/1ib/python3.7/site-packages/torchvision/transforms/functional.py:126: Useriarning: The given NumPy array is not writeable, and PyTorch does not
£ support non-uriteable tensors. This means you can urite to the underlying (supposedly non-uritesble) NumPy array using the tensor. You may uant to copy the array to protect
@ 0.1034.png its data or make it writeable before converting it to a tensor. This type of warning will be suppressed for the rest of this program. (Triggered internally at ../torch/csr

> model_server

# mnist_ horovod_cpu.py c/utils/tensor_nunpy.cppi189.)
) sy ing - torch.fron_nunpy (pic. transpose((2, ©, 1))).contiguous()
s Train Epoch: 1 [e/6e0ee (8%)] Loss: 2.383465 '
Ltrain_cpu.py Train 1 [2568/60080 (4%)] 1.182463 i
& mnist train_cpul.py Train 1 [5120/66008 (9%)] 6.860002 I
% mnist train_gpu.py Train 1 [7680/60000 (13%)] 1.65069 |
P Train : 1 [10240/60000 (17%)] 0.376521
Train 1 [12800/60000 (21%)] 0.553805
~ tensorflow Train 1 [15360/60000 (26%)] 0.207523
> data Train : 1 [17020/60000 (30%)] 0.250287
5 Mgt Train 1 [20a80/60000 (34%)] 0.320547
> ol Train 1 [23848/60000 (35%)] 0.242826
model_server Train * 1 [25600/68000 (43%)] 8.202076
> model v Train 1 1 [28160/60000 (47%)] ©.249806
> ouTuNE

5 TIMELINE (pytorch) [Jovyan@le3b302co664 pytorch]$ ]

In1,Col 1 Spaces:4 ~ UTF-8  CRLF Python

37.13 (pytorch: conda) _Layout: US

REAE NAF i 2

|

Rk
REIF R B NAF T IS, BANAE, B R DLl DR e i A A
A IOREPERLRS B RE i A A7 A

116



HIR/N
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